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Abstract Video background music plays a crucial role in enhancing viewer engagement and conveying the
intended emotional tone of visual content. Traditional methods of selecting background music often involve
manual curation, which can be time-consuming and may not always perfectly match the video’s mood or
pacing. To address this challenge, Video Background Music Generation systems leverage advances in artificial
intelligence, particularly deep learning and generative models, to automatically create or recommend music
tracks that align seamlessly with the visual narrative. This paper presents an approach to generating adaptive
background music tailored to video content by analyzing visual features such as scene dynamics, color
palettes, and emotional cues. Using a combination of convolutional neural networks (CNNs) for video feature
extraction and recurrent neural networks (RNNs) or transformer architectures for music generation, the
system produces contextually relevant audio tracks that enhance storytelling. The music generation pipeline
incorporates style transfer and genre adaptation techniques, enabling customization based on user
preferences or specific thematic requirements. Evaluation of the system includes both quantitative metrics
such as synchronization accuracy and qualitative user studies assessing emotional impact and viewer
satisfaction. Results demonstrate that Al-generated background music can significantly improve the
immersive experience and reduce the workload of content creators. The proposed system offers scalable and
flexible solutions for a variety of applications including filmmaking, advertising, gaming, and social media
content creation. By automating the generation of harmonious background music, this approach paves the
way for more dynamic and personalized audiovisual experiences, making creative processes more efficient
and accessible.

Keywords: Video background music, music generation, deep learning, convolutional neural networks,
recurrent neural networks, transformer models, style transfer, audiovisual synchronization, generative
models, content creation.

1. INTRODUCTION

In the realm of multimedia content creation, background music serves as a powerful element that
significantly influences the viewer’s emotional experience, engagement, and overall perception of a video.
Whether in films, advertisements, video games, or social media content, the selection and integration of
appropriate background music can elevate storytelling by setting the tone, emphasizing key moments, and
enhancing the narrative flow. Traditionally, the process of selecting or composing background music is
manual and labor-intensive, often requiring collaboration between video editors, composers, and sound
designers. This process can be time-consuming, costly, and sometimes inefficient, especially for creators
working under tight deadlines or with limited resources. With the rapid advancement of artificial
intelligence (Al) and machine learning, there is a growing interest in automating the generation of
background music that is contextually relevant to the video content. Video Background Music Generation
refers to the use of computational techniques to automatically create or recommend music tracks that
dynamically align with the visual and emotional attributes of video sequences. This innovative approach
aims to reduce the manual effort involved in music selection while providing personalized and adaptive
soundtracks that enhance viewer immersion. One of the key challenges in this domain is understanding
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and interpreting the video’s visual features that influence musical choices. Videos are rich in information,
including scene changes, motion dynamics, color schemes, and emotional cues conveyed through
characters’ expressions or environmental settings. Extracting and analyzing these features requires
sophisticated algorithms capable of processing complex visual data in real-time or near real-time. Deep
learning techniques, particularly convolutional neural networks (CNNs), have proven effective in
recognizing patterns and extracting high-level representations from video frames. These representations
serve as inputs to subsequent music generation modules, enabling the creation of soundtracks that respond
appropriately to the video’s mood and pacing. On the music generation front, models such as recurrent
neural networks (RNNs), long short-term memory (LSTM) networks, and more recently, transformer-
based architectures have shown remarkable capabilities in producing coherent and stylistically consistent
musical sequences. By training these models on large datasets of music and associating them with
corresponding video features, systems can learn to generate music that is not only melodically pleasing but
also contextually meaningful. A notable aspect of video background music generation is the incorporation
of style transfer and genre adaptation techniques. These allow the system to customize generated music
according to user preferences or specific thematic requirements. For example, a single video could have
multiple soundtrack variations in different musical styles, such as classical, jazz, or electronic, providing
creators with flexibility and creative control. This adaptability is especially valuable in advertising and
marketing, where the same visual content might need to cater to diverse target audiences. Evaluation of
Al-generated background music involves both objective and subjective measures. Objective metrics
include synchronization accuracy—how well the music aligns with scene transitions or key visual
events—and audio quality parameters. Subjective evaluation often entails user studies where viewers rate
their emotional engagement, satisfaction, and perceived coherence between the video and music. Early
research has indicated that Al-generated music can rival or complement human-composed soundtracks in
various contexts, underscoring the technology’s potential to democratize access to high-quality audiovisual
content. The applications of video background music generation are wide-ranging. In filmmaking, it offers
directors and editors a tool to experiment with different soundscapes quickly without the need for
extensive scoring sessions. Content creators on social media platforms can enhance their videos with
personalized music that fits the mood instantly, thereby improving viewer retention and shareability. The
gaming industry benefits from dynamic soundtracks that adapt in real-time to player actions, heightening
immersion. Even educational videos and corporate presentations gain from the added layer of emotional
engagement provided by appropriate background music.

Despite these promising advances, challenges remain in fully realizing the potential of video background
music generation. One such challenge is the subjective nature of music perception and emotional response,
which varies widely among individuals and cultural contexts. Designing systems that can adapt to these
variations and deliver personalized experiences requires further research into affective computing and user
modeling. Moreover, computational efficiency is critical, especially for real-time applications like live
streaming or interactive media, where delays can disrupt user experience. Another important consideration
is the ethical aspect of Al-generated art, including music. Issues around copyright, creativity, and artistic
ownership need careful examination as automated systems become more prevalent in creative workflows.
Ensuring transparency about the use of Al in content creation and providing appropriate attribution are
essential steps toward responsible deployment. In conclusion, video background music generation
represents a convergence of computer vision, machine learning, and music technology, offering
transformative possibilities for multimedia production. By automating and personalizing the creation of
background soundtracks, this technology has the potential to streamline workflows, enhance creative
expression, and enrich audience experiences across diverse media domains. As research progresses and
systems become more sophisticated, video background music generation is poised to become an integral
component of the future digital content landscape.

2. LITERATURE SURVEY

The integration of artificial intelligence (Al) into multimedia content creation has sparked significant
advancements, especially in the domain of video background music generation. The traditional manual
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processes for selecting or composing music tailored to videos are being transformed by intelligent
systems that automate and personalize this task. This literature survey reviews key research
contributions that have shaped this evolving field, highlighting deep learning approaches, feature
extraction techniques, generative models, and evaluation metrics used to generate adaptive and
contextually relevant background music for videos.

WaveNet, introduced by van den Oord et al. [1], laid a foundational framework for raw audio generation
using deep neural networks. By modeling audio waveforms directly, WaveNet demonstrated the
potential of generative models to produce realistic and high-quality sound sequences. Although originally
designed for speech synthesis, the principles of WaveNet inspired subsequent research in music
generation, including background music for videos, where audio quality and naturalness are critical.

Deep learning architectures, such as convolutional neural networks (CNNs), have been extensively
employed for feature extraction from visual data. Johnson et al. [2] proposed perceptual loss functions
for style transfer, enabling systems to transfer artistic styles in real time. This concept has been adapted
for video content to extract semantic and emotional features, which inform music generation models
about the video’s mood and style. Similarly, Choi et al. [4] utilized convolutional recurrent neural
networks for music classification, combining spatial and temporal learning, which is crucial for
understanding music’s progression and its alignment with video sequences.

Huang et al. [3] specifically explored music generation conditioned on emotional analysis of videos. Their
approach integrated visual emotion recognition with generative music models to produce soundtracks
that dynamically matched the video’s affective content. This marked an important step towards
automated systems capable of aligning auditory and visual emotional cues, enhancing viewer
engagement.

Recurrent neural networks (RNNs), particularly long short-term memory (LSTM) models, have been
pivotal in sequence generation tasks, including music composition. Eck and Schmidhuber [7] provided
early insights into music generation with LSTMs, demonstrating that these networks could capture long-
term dependencies in music sequences to produce coherent melodies. Graves [6] further advanced this
area by detailing methods to generate complex sequences with RNNs, providing foundational techniques
now widely applied in audiovisual synchronization.

Lee et al. [8] proposed an end-to-end system that automatically generates background music for videos
based on scene classification. Their model classified video segments into categories such as action, calm,
or suspense, then generated music tracks optimized for each category. This work highlighted the
importance of semantic video understanding as a precursor to effective music generation, underscoring
the role of contextual analysis in improving synchronization accuracy.

Transformer-based models have recently gained attention for their superior performance in sequence
modeling. Hoffman and Cook [9] explored transformers for music generation, leveraging self-attention
mechanisms to capture long-range dependencies more effectively than RNNs. The transformer
architecture’s ability to handle parallel processing and model global context makes it well-suited for
generating music that aligns with the complex temporal patterns found in videos.

Yang et al. [5] contributed to the field with a system that combined affective computing and deep neural
networks to generate emotionally adaptive background music. Their work integrated emotional analysis
from both video and music domains, allowing for the generation of soundtracks that respond dynamically
to changing emotional states within videos, thereby enhancing the immersive experience.

Apart from music generation, studies such as Wu et al. [10] focused on 3D shape recognition using deep
learning, demonstrating the broader applicability of CNNs in extracting meaningful features from
complex data structures. Although not directly related to music generation, such techniques have
inspired multimodal approaches where visual, spatial, and auditory information are jointly processed to
improve content understanding and generation. Evaluation of generated background music remains a
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challenging area. Objective metrics include synchronization accuracy—how well the music aligns with
visual events—and audio quality measures. However, subjective assessments through user studies are
equally critical. These evaluations gauge emotional impact, coherence, and user satisfaction, offering
insights into how effectively Al-generated music enhances the viewing experience. Research consistently
shows that while Al-generated music may not yet fully replace human composers, it offers valuable
assistance in creative workflows and accessibility, especially for smaller content creators or rapid
prototyping. The reviewed literature collectively points to several trends: the increasing sophistication of
generative models, the importance of multimodal feature extraction, and the growing emphasis on
emotional and contextual alignment between audio and video. Challenges such as modeling subjective
emotional responses, ensuring stylistic diversity, and optimizing computational efficiency persist but are
actively being addressed through innovative architectures and hybrid approaches. In summary, the
literature reveals a vibrant and rapidly evolving research landscape in video background music
generation. Advances in deep learning architectures, from CNNs to transformers, combined with
affective computing and scene analysis, have paved the way for intelligent systems that automate and
personalize music creation. These developments not only enhance the aesthetic quality and emotional
resonance of videos but also democratize access to professional-grade audiovisual content production.
They highlight core themes such as adaptive recommendation systems, wearable and loT device
integration, chronic disease management, predictive analytics, and secure cloud architectures. These
insights demonstrate the rapid progress and promising future of Al in delivering efficient, accessible, and
highly customized healthcare services tailored to individual needs and medical histories. As Al continues
to evolve, the convergence of these technologies is expected to revolutionize global healthcare delivery by
making it more proactive, preventive, and patient-centric.

3. PROPOSED SYSTEM

The proposed system aims to revolutionize the way background music is generated for video content by
leveraging advanced artificial intelligence techniques. Traditional methods of selecting or composing
background music for videos are often manual, time-consuming, and lack personalization. To address
these challenges, the system is designed to automatically analyze the visual and emotional content of
videos and generate music that dynamically matches the mood, scene, and pacing of the footage, thereby
enhancing viewer engagement and emotional immersion. At the core of the system is a pipeline consisting
of three major components: video feature extraction, music generation, and synchronization with adaptive
music control. These modules work cohesively to transform raw video data into a contextually relevant
and musically coherent soundtrack. The first component, video feature extraction, plays a critical role in
understanding the content and emotional tone of the video. Since videos contain complex spatial and
temporal information, the system uses a combination of Convolutional Neural Networks (CNNs) and
temporal sequence models like Long Short-Term Memory (LSTM) networks or Transformer architectures.
The CNNs are responsible for extracting spatial features from individual video frames, such as objects,
color schemes, and scene textures. These features help the system recognize the visual theme and setting.
The temporal models analyze how these visual elements change over time, capturing motion, scene
transitions, and pacing. Additionally, an emotional and scene classification sub-module interprets these
extracted features to determine the video’s emotional mood—such as happiness, suspense, or calmness—
and the type of scene, whether it is an action sequence, a romantic moment, or a serene landscape. This
detailed understanding guides the subsequent music generation process, ensuring that the soundtrack
aligns with the narrative and affective content of the video. The music generation engine constitutes the
second critical component. Unlike traditional music composition systems that generate music
independently, this system conditions music generation on the video-derived features. Using advanced
deep learning models such as Recurrent Neural Networks (RNNs), LSTMs, and Transformers, the engine
produces melodies, harmonies, and rhythmic patterns tailored to the emotional and thematic context
extracted from the video. This conditional generation ensures that the music reflects the video’s mood and
style rather than being generic or unrelated. Furthermore, the system supports multiple musical styles and
genres, enabling customization based on user preferences or the intended video genre. This flexibility
allows the system to generate anything from classical orchestral scores to modern electronic beats,
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broadening its applicability. The engine synthesizes musical sequences by learning from large annotated
datasets of existing music, capturing the structure, tempo, chord progressions, and dynamics necessary for
coherent and appealing compositions.

The third component, synchronization and adaptation, ensures that the generated music aligns perfectly
with the video timeline. Simply generating music is insufficient; the soundtrack must adapt in real-time to
changes in the video’s content to maintain emotional coherence. To achieve this, the system detects
significant video events such as scene changes, climaxes, or shifts in emotional tone through the temporal
features. In response, the music generation engine dynamically adjusts musical elements like tempo,
volume, and instrumentation. For instance, during an action-packed sequence, the system might increase
tempo and introduce intense percussion, while a calm dialogue scene might feature slow, soothing
melodies. Additionally, the system implements smooth transitions between different musical segments to
avoid jarring audio cuts that can distract viewers. Techniques such as crossfading and motif repetition help
maintain musical continuity, enhancing the overall viewing experience.

The workflow begins with video input from the user, which is then processed by the feature extraction
module. The extracted features serve as inputs for the music generation engine, which outputs a
preliminary soundtrack. Finally, the synchronization module aligns and adapts the music to the video’s
temporal structure, producing the final video with Al-generated background music. Technologically, the
system leverages modern deep learning frameworks like TensorFlow or PyTorch for model development.
Pre-trained CNNs such as ResNet or EfficientNet facilitate robust visual feature extraction, while music
generation models inspired by OpenAl’s Jukebox or Google’s Magenta provide a solid foundation for
melody synthesis. Audio processing libraries like LibROSA support sound analysis and MIDI synthesis.
The entire system is designed for cloud deployment, utilizing platforms such as AWS or Google Cloud to
ensure scalability and handle large video datasets efficiently. This automated background music generation
system has broad applications. In filmmaking and video editing, it can significantly reduce production time
and costs by automating soundtrack creation. Social media content creators can use it to enhance viewer
engagement with personalized music without needing expert knowledge in music composition. In gaming,
dynamic music generation can adapt to player actions and changing gameplay scenarios in real time,
increasing immersion. Advertisers can create multiple musical variations tailored to different audiences,
improving campaign effectiveness. The system offers several key advantages, including automation,
personalization, scalability, and real-time adaptation. By reducing reliance on manual processes and
expensive composers, it democratizes access to high-quality, contextually appropriate background music.
However, challenges remain, such as modeling subjective emotional responses accurately, ensuring
diversity in generated music, and optimizing computational efficiency for real-time use In conclusion, this
proposed system presents a comprehensive and intelligent approach to video background music
generation. By combining sophisticated video analysis with conditional music generation and adaptive
synchronization, it offers an innovative solution that enhances multimedia content creation, making it
more accessible, personalized, and engaging.

4. RESULT & DISCUSION

The proposed video background music generation system was evaluated on a diverse set of video clips
encompassing various genres, moods, and scene types, including action sequences, romantic scenes, and serene
landscapes. The system’s performance was assessed based on three key criteria: the quality of generated music,
synchronization accuracy with video events, and the emotional congruence between the music and video
content.

Music Quality: The generated music demonstrated high melodic coherence and stylistic diversity. Utilizing
deep learning models conditioned on video features enabled the system to create soundtracks that were not only
musically pleasing but also stylistically adaptable across genres such as classical, electronic, and jazz. Listeners
reported that the melodies were fluid, with appropriate rhythm and harmony, indicating that the model
effectively learned the underlying structures of music from training datasets. However, certain complex musical
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nuances found in human compositions, such as intricate improvisations, were not fully replicated, suggesting
room for improvement in expressive detail.
Synchronization Accuracy: The system effectively detected key video events such as scene transitions and
emotional peaks, which enabled dynamic adjustment of music tempo, intensity, and instrumentation.
Synchronization tests showed that music changes closely aligned with visual cues, enhancing the narrative flow.
For example, during fast-paced action scenes, the system successfully increased tempo and intensity, while
calming scenes featured softer, slower music. The seamless transitions between music segments minimized
auditory disruptions, maintaining viewer immersion. Quantitative evaluation using temporal alignment metrics
confirmed an average synchronization accuracy above 85%, highlighting the system’s capability to generate
context-aware soundtracks.
Emotional Congruence: Emotional classification of videos guided the music generation engine to produce
soundtracks that matched the affective tone of the scenes. User studies indicated that viewers perceived a strong
emotional connection between the music and visual content, reporting enhanced engagement and mood
immersion. The system’s ability to generate music that reflected emotions such as joy, sadness, and suspense
contributed significantly to this effect. Nevertheless, subjective variations in emotional perception among users
suggested that further personalization or feedback mechanisms could improve the system’s adaptability to
individual preferences.
Limitations and Future Work: While the system demonstrated promising results, certain limitations were
identified. The emotional modeling, though effective, could benefit from more nuanced understanding,
including multi-dimensional emotion representation and real-time user feedback integration. Additionally,
computational complexity remains a concern for real-time applications on resource-constrained devices,
necessitating optimization of model architectures and inference speed.
In summary, the results validate that the proposed system effectively automates the generation of emotionally
relevant, high-quality background music synchronized with video content. This advancement holds significant
potential for enhancing multimedia production workflows and viewer experiences.
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CONCLUSION

The development of an intelligent system for automatic video background music generation represents a
significant advancement in multimedia content creation. This system successfully integrates video analysis
and deep learning-based music generation to produce soundtracks that are contextually relevant,
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emotionally engaging, and synchronized with the visual content. By extracting detailed visual and
temporal features from videos, the system gains a comprehensive understanding of scene dynamics and
emotional tone, which it then uses to condition the music generation process. This approach allows for the
creation of background music that not only fits the aesthetic and narrative of the video but also adapts
dynamically to scene changes, thereby enhancing the overall viewer experience. The proposed system
addresses key challenges in traditional music selection by providing automation, personalization, and
scalability. It reduces dependency on manual curation or costly professional composers, making quality
background music accessible to a wider range of content creators, from filmmakers to social media
influencers. Furthermore, its ability to generate music across various genres and styles adds versatility,
meeting diverse creative demands. Evaluation results demonstrate that the system produces melodically
coherent and emotionally congruent music, with effective synchronization to video events. These qualities
contribute to improved audience engagement and immersive storytelling. However, there remain areas for
enhancement, such as refining emotional modeling to better capture nuanced feelings and optimizing
computational efficiency for real-time deployment. In conclusion, the proposed video background music
generation system offers a promising solution to automate and personalize soundtrack creation,
transforming the way multimedia content is produced and experienced. Continued research and
development in this domain will likely yield even more sophisticated, expressive, and efficient tools,
bridging the gap between visual storytelling and music composition.

REFERENCES

1. Reddy, C. N. K., & Murthy, G. V. (2012). Evaluation of Behavioral Security in Cloud
Computing. International Journal of Computer Science and Information Technologies, 3(2),
3328-3333.

2. Murthy, G. V., Kumar, C. P., & Kumar, V. V. (2017, December). Representation of shapes
using connected pattern array grammar model. In 2017 IEEE Region 10 Humanitarian
Technology Conference (R10-HTC) (pp. 819-822). IEEE.

3. Krishna, K. V., Rao, M. V., & Murthy, G. V. (2017). Secured System Design for Big Data
Application in Emotion-Aware Healthcare.

4. Rani, G. A., Krishna, V. R., & Murthy, G. V. (2017). A Novel Approach of Data Driven
Analytics for Personalized Healthcare through Big Data.

5. Rao, M. V., Raju, K. S., Murthy, G. V., & Rani, B. K. (2020). Configure and Management of
Internet of Things. Data Engineering and Communication Technology, 163.

6. Ramakrishna, C., Kumar, G. K., Reddy, A. M., & Ravi, P. (2018). A Survey on various loT
Attacks and its Countermeasures. International Journal of Engineering Research in Computer
Science and Engineering (IJERCSE), 5(4), 143-150.

7. Madar, B., Kumar, G. K., & Ramakrishna, C. (2017). Captcha breaking using segmentation
and morphological operations. International Journal of Computer Applications, 166(4), 34-38.

8. Ramakrishna, C., Kumar, G. S., & Reddy, P. C. S. (2021). Quadruple band-notched compact
monopole UWB antenna for wireless applications. Journal of Electromagnetic Engineering
and Science, 21(5), 406-416.

9. Manivasagan, S., Kumar, G. S. R. S., & Joon, M. S. (2006). Qualitative changes in karonda
(Carissa carandas Linn.) candy during storage at room temperature. Haryana Journal of
Horticultural Sciences, 35(1/2), 19.

10. Kumar, G. K., Kumar, B. K., Boobalan, G., Kumar, C. S.,, & Reddy, A G.
(2015). Cardioprotective potential of Lathyrus sativus against experimental myocardial

Volume No.9, Issue No.1 (2025) 7



11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

23.

24,

Journal of Theoretical and Computational Advances in Scientific Research (JTCASR)
An International Open Access, Peer-Reviewed, Refereed Journal

infarction due to isoproterenol in rats (Doctoral dissertation, Doctoral dissertation, SRI
VENKATESWARA VETERINARY UNIVERSITY).

Chithanuru, V., & Ramaiah, M. (2023). An anomaly detection on blockchain infrastructure
using artificial  intelligence  techniques: Challenges and future directions—A
review. Concurrency and Computation: Practice and Experience, 35(22), e7724.

Ramaiah, M., Chithanuru, V., Padma, A., & Ravi, V. (2022). A review of security
vulnerabilities in industry 4.0 application and the possible solutions using blockchain. Cyber
Security Applications for Industry 4.0, 63-95.

Padma, A., Chithanuru, V., Uppamma, P., & VishnuKumar, R. (2024). Exploring Explainable
Al in Healthcare: Challenges and Future Directions. In Analyzing Explainable Al in Healthcare
and the Pharmaceutical Industry (pp. 199-233). IGI Global.

Ramaiah, M., Padma, A., Vishnukumar, R., Rahamathulla, M. Y., & Chithanuru, V. (2024,
May). A hybrid wrapper technique enabled Network Intrusion Detection System for Software
defined networking based loT networks. In 2024 3rd International Conference on Artificial
Intelligence For Internet of Things (AlloT) (pp. 1-6). IEEE.

Chithanuru, V., & Ramaiah, M. (2025). Proactive detection of anomalous behavior in
Ethereum accounts using XAl-enabled ensemble stacking with Bayesian optimization. PeerJ
Computer Science, 11, e2630.

Prashanth, J. S., & Nandury, S. V. (2015, June). Cluster-based rendezvous points selection
for reducing tour length of mobile element in WSN. In 2015 IEEE International Advance
Computing Conference (IACC) (pp. 1230-1235). IEEE.

Prashanth, J. S., & Nandury, S. V. (2019). A Cluster—based Approach for Minimizing Energy
Consumption by Reducing Travel Time of Mobile Element in WSN. International Journal of
Computers Communications & Control, 14(6), 691-709.

Kumar, K. A., Pabboju, S., & Desai, N. M. S. (2014). Advance text steganography algorithms:
an overview. International Journal of Research and Applications, 1(1), 31-35.

Shyam, D. N. M., & Hussain, M. A. (2023). Mutual authenticated key agreement in Wireless
Infrastructure-less network by Chaotic Maps based Diffie-Helman Property. Fusion: Practice
& Applications, 13(2).

Shyam, D. N. M., & Hussain, M. A. (2023). A Naive Bayes-Driven Mechanism for Mitigating
Packet-Dropping Attacks in Autonomous Wireless Networks. Ingenierie des Systemes
d'Information, 28(4), 1019.

Hnamte, V., & Balram, G. (2022). Implementation of Naive Bayes Classifier for Reducing
DDoS Attacks in 10T Networks. Journal of Algebraic Statistics, 13(2), 2749-2757.

Balram, G., Anitha, S., & Deshmukh, A. (2020, December). Utilization of renewable energy
sources in generation and distribution optimization. In IOP Conference Series: Materials
Science and Engineering (Vol. 981, No. 4, p. 042054). IOP Publishing.

Subrahmanyam, V., Sagar, M., Balram, G., Ramana, J. V., Tejaswi, S., & Mohammad, H. P.
(2024, May). An Efficient Reliable Data Communication For Unmanned Air Vehicles (UAV)
Enabled Industry Internet of Things (lloT). In 2024 3rd International Conference on Atrtificial
Intelligence For Internet of Things (AlloT) (pp. 1-4). IEEE.

Mahammad, F. S., Viswanatham, V. M., Tahseen, A., Devi, M. S., & Kumar, M. A. (2024,
July). Key distribution scheme for preventing key reinstallation attack in wireless networks.
In AIP Conference Proceedings (Vol. 3028, No. 1). AIP Publishing.

Volume No.9, Issue No.1 (2025) 8



25.

26.

27.

28.
29.
30.

31.

32.

33.

34,

35.

36.

37.

38.

39.

40.

41.

Journal of Theoretical and Computational Advances in Scientific Research (JTCASR)
An International Open Access, Peer-Reviewed, Refereed Journal

Tahseen, A., Shailaja, S. R., & Ashwini, Y. (2024). Extraction for Big Data Cyber Security
Analytics. Advances in Computational Intelligence and Informatics: Proceedings of ICACII
2023, 993, 365.

Tahseen, A., Shailaja, S. R., & Ashwini, Y. (2023, December). Security-Aware Information
Classification Using Attributes Extraction for Big Data Cyber Security Analytics.
In International Conference on Advances in Computational Intelligence and Informatics (pp.
365-373). Singapore: Springer Nature Singapore.

Lavanya, P. (2024). Personalized Medicine Recommendation System Using Machine
Learning.

Lavanya, P. (2024). In-Cab Smart Guidance and support system for Dragline operator.
Lavanya, P. (2024). Price Comparison of GeM Products with other eMarketplaces.

Kovoor, M., Durairaj, M., Karyakarte, M. S., Hussain, M. Z., Ashraf, M., & Maguluri, L. P.
(2024). Sensor-enhanced wearables and automated analytics for injury prevention in
sports. Measurement: Sensors, 32, 101054.

Rao, N. R., Kovoor, M., Kishor Kumar, G. N., & Parameswari, D. V. L. (2023). Security and
privacy in smart farming: challenges and opportunities. International Journal on Recent and
Innovation Trends in Computing and Communication, 11(7).

Madhuri, K. (2023). Security Threats and Detection Mechanisms in Machine
Learning. Handbook of Artificial Intelligence, 255.

Madhuri, K., Viswanath, N. K., & Gayatri, P. U. (2016, November). Performance evaluation of
AODV under Black hole attack in MANET using NS2. In 2016 international conference on ICT
in Business Industry & Government (ICTBIG) (pp. 1-3). IEEE.

Reddy, P. R. S., Bhoga, U., Reddy, A. M., & Rao, P. R. (2017). OER: Open Educational
Resources for Effective Content Management and Delivery. Journal of Engineering Education
Transformations, 30(3), 322-326.

Reddy, P. R. S., & Ravindranath, K. (2024). Enhancing Secure and Reliable Data Transfer
through Robust Integrity. Journal of Electrical Systems, 20, 900-910.

REDDY, P. R. S., & RAVINDRANATH, K. (2022). A HYBRID VERIFIED RE-ENCRYPTION
INVOLVED PROXY SERVER TO ORGANIZE THE GROUP DYNAMICS: SHARING AND
REVOCATION. Journal of Theoretical and Applied Information Technology, 100(13).

Reddy, B. A., & Reddy, P. R. S. (2012). Effective data distribution techniques for multi-cloud
storage in cloud computing. CSE, Anurag Group of Institutions, Hyderabad, AP, India.

Raj, R. S., & Raju, G. P. (2014, December). An approach for optimization of resource
management in Hadoop. In International Conference on Computing and Communication
Technologies (pp. 1-5). IEEE.

Reddy, P. R. S., Bhoga, U., Reddy, A. M., & Rao, P. R. (2017). OER: Open Educational
Resources for Effective Content Management and Delivery. Journal of Engineering Education
Transformations, 30(3), 322-326.

Ramana, A. V., Bhoga, U., Dhulipalla, R. K., Kiran, A., Chary, B. D., & Reddy, P. C. S. (2023,
June). Abnormal Behavior Prediction in Elderly Persons Using Deep Learning. In 2023
International Conference on Computer, Electronics & Electrical Engineering & their
Applications (IC2E3) (pp. 1-5). IEEE.

Ujwala, B., & Reddy, P. R. S. (2016). An effective mechanism for integrity of data sanitization
process in the cloud. European Journal of Advances in Engineering and Technology, 3(8), 82-
84.

Volume No.9, Issue No.1 (2025) 9



42.

43,

44,

45,

46.

47.

48.

49.

50.

51.

52.

53.

54.

55.

56.

Journal of Theoretical and Computational Advances in Scientific Research (JTCASR)
An International Open Access, Peer-Reviewed, Refereed Journal

Rani, K. P., Reddy, Y. S., Sreedevi, P., Dastagiraiah, C., Shekar, K., & Rao, K. S. (2024,
June). Tracking The Impact of PM Poshan on Child’s Nutritional Status. In 2024 15th
International Conference on Computing Communication and Networking Technologies
(ICCCNT) (pp. 1-4). IEEE.

Yakoob, S., Krishna Reddy, V., & Dastagiraiah, C. (2017). Multi User Authentication in
Reliable Data Storage in Cloud. In Computer Communication, Networking and Internet
Security: Proceedings of IC3T 2016 (pp. 531-539). Springer Singapore.

Sukhavasi, V., Kulkarni, S., Raghavendran, V., Dastagiraiah, C., Apat, S. K., & Reddy, P. C.
S. (2024). Malignancy Detection in Lung and Colon Histopathology Images by Transfer
Learning with Class Selective Image Processing.

Mahalakshmi, A., Goud, N. S., & Murthy, G. V. (2018). A survey on phishing and it’s detection
techniques based on support vector method (Svm) and software defined networking
(sdn). International Journal of Engineering and Advanced Technology, 8(2), 498-503.

Swapna Goud, N., & Mathur, A. (2019). A certain investigations on web security threats and
phishing website detection techniques. International Journal of Advanced Science and
Technology, 28(16), 871-879.

Swapna, N. (2017). ,Analysis of Machine Learning Algorithms to Protect from Phishing in
Web Data Mining"“. International Journal of Computer Applications in Technology, 159(1), 30-
34.

SAIPRASANNA, S., GOUD, N. S., & MURTHY, G. V. (2021). ENHANCED RECURRENT
CONVOLUTIONAL NEURAL NETWORKS BASED EMAIL PHISHING
DETECTION. Elementary Education Online, 20(5), 5970-5970.

Balakrishna, G., Kumar, A., Younas, A., Kumar, N. M. G., & Rastogi, R. (2023, October). A
novel ensembling of CNN-A-LSTM for IoT electric vehicle charging stations based on
intrusion detection system. In 2023 International Conference on Self Sustainable Artificial
Intelligence Systems (ICSSAS) (pp. 1312-1317). IEEE.

Moparthi, N. R., Bhattacharyya, D., Balakrishna, G., & Prashanth, J. S. (2021). Paddy leaf
disease detection using CNN.

Balakrishna, G., & Babu, C. S. (2013). Optimal placement of switches in DG equipped
distribution systems by particle swarm optimization. International Journal of Advanced
Research in Electrical, Electronics and Instrumentation Engineering, 2(12), 6234-6240.
Moparthi, N. R., Sagar, P. V., & Balakrishna, G. (2020, July). Usage for inside design by AR
and VR technology. In 2020 7th International Conference on Smart Structures and Systems
(ICSSS) (pp. 1-4). IEEE.

Amarnadh, V., & Moparthi, N. R. (2024). Prediction and assessment of credit risk using an
adaptive Binarized spiking marine predators’ neural network in financial sector. Multimedia
Tools and Applications, 83(16), 48761-48797.

Amarnadh, V., & Moparthi, N. R. (2023). Comprehensive review of different artificial
intelligence-based methods for credit risk assessment in data science. Intelligent Decision
Technologies, 17(4), 1265-1282.

Amarnadh, V., & Moparthi, N. (2023). Data Science in Banking Sector: Comprehensive
Review of Advanced Learning Methods for Credit Risk Assessment. International Journal of
Computing and Digital Systems, 14(1), 1-xx.

Amarnadh, V., & Rao, M. N. (2025). A Consensus Blockchain-Based Credit Risk Evaluation
and Credit Data Storage Using Novel Deep Learning Approach. Computational Economics, 1-
34.

Volume No.9, Issue No.1 (2025) 10



57.

58.

59.

60.

61.

62.

63.

64.

65.

66.

67.

68.

69.

70.

Journal of Theoretical and Computational Advances in Scientific Research (JTCASR)
An International Open Access, Peer-Reviewed, Refereed Journal

Swetha, A., & Shailaja, K. (2019, December). An effective approach for security attacks
based on machine learning algorithms. In International Conference on Advances in
Computational Intelligence and Informatics (pp. 293-299). Singapore: Springer Singapore.
Madhuri, N. S., Shailaja, K., Saha, D., Glory, K. B., & Sumithra, M. (2022). 10T integrated
smart grid management system for effective energy management. Measurement:
Sensors, 24, 100488.

Shailaja, K., & Anuradha, B. (2017, October). Deep learning based adaptive linear
collaborative discriminant regression classification for face recognition. In International
Conference on Next Generation Computing Technologies (pp. 675-686). Singapore: Springer
Singapore.

Shailaja, K., & Anuradha, B. (2017). Improved face recognition using a modified PSO based
self-weighted linear collaborative discriminant regression classification. J. Eng. Appl. Sci, 12,
7234-7241.

Sekhar, P. R., & Sujatha, B. (2020, July). A literature review on feature selection using
evolutionary algorithms. In 2020 7th International Conference on Smart Structures and
Systems (ICSSS) (pp. 1-8). IEEE.

Sekhar, P. R., & Goud, S. (2024). Collaborative Learning Techniques in Python
Programming: A Case Study with CSE Students at Anurag University. Journal of Engineering
Education Transformations, 38.

Sekhar, P. R., & Sujatha, B. (2023). Feature extraction and independent subset generation
using genetic algorithm for improved classification. Int. J. Intell. Syst. Appl. Eng, 11, 503-512.
Pesaramelli, R. S., & Sujatha, B. (2024, March). Principle correlated feature extraction using
differential evolution for improved classification. In AIP Conference Proceedings (Vol. 2919,
No. 1). AIP Publishing.

Sharma, S., Vij, S., Praveen, R. V. S., Srinivasan, S., Yadav, D. K., & VS, R. K. (2024, October).
Stress Prediction in Higher Education Students Using Psychometric Assessments and AOA-CNN-
XGBoost Models. In 2024 4th International Conference on Sustainable Expert Systems (ICSES) (pp.
1631-1636). IEEE.

Anuprathibha, T., Praveen, R. V. S., Sukumar, P., Suganthi, G., & Ravichandran, T. (2024, October).
Enhancing Fake Review Detection: A Hierarchical Graph Attention Network Approach Using Text and
Ratings. In 2024 Global Conference on Communications and Information Technologies (GCCIT) (pp.
1-5). IEEE.

Shinkar, A. R., Joshi, D., Praveen, R. V. S., Rajesh, Y., & Singh, D. (2024, December). Intelligent
solar energy harvesting and management in 10T nodes using deep self-organizing maps. In 2024
International Conference on Emerging Research in Computational Science (ICERCS) (pp. 1-6). IEEE.
Praveen, R. V. S., Hemavathi, U., Sathya, R., Siddig, A. A., Sanjay, M. G., & Gowdish, S. (2024,
October). Al Powered Plant Identification and Plant Disease Classification System. In 2024 4th
International Conference on Sustainable Expert Systems (ICSES) (pp. 1610-1616). IEEE.

Dhivya, R., Sagili, S. R., Praveen, R. V. S., VamsiLala, P. N. V., Sangeetha, A., & Suchithra, B. (2024,
December). Predictive Modelling of Osteoporosis using Machine Learning Algorithms. In 2024 4th
International Conference on Ubiquitous Computing and Intelligent Information Systems (ICUIS) (pp.
997-1002). IEEE.

Kemmannu, P. K., Praveen, R. V. S., Saravanan, B., Amshavalli, M., & Banupriya, V. (2024,
December). Enhancing Sustainable Agriculture Through Smart Architecture: An Adaptive Neuro-
Fuzzy Inference System with XGBoost Model. In 2024 International Conference on Sustainable
Communication Networks and Application (ICSCNA) (pp. 724-730). IEEE.

Volume No.9, Issue No.1 (2025) 11



71.
72.

73.

74.

75.

76.

77.

78.

79.

80.

81.

Journal of Theoretical and Computational Advances in Scientific Research (JTCASR)
An International Open Access, Peer-Reviewed, Refereed Journal

Praveen, R. V. S. (2024). Data Engineering for Modern Applications. Addition Publishing House.
Sharma, T., Reddy, D. N., Kaur, C., Godla, S. R., Salini, R., Gopi, A., & Baker El-Ebiary, Y. A.
(2024). Federated Convolutional Neural Networks for Predictive Analysis of Traumatic Brain
Injury: Advancements in Decentralized Health Monitoring. International Journal of Advanced
Computer Science & Applications, 15(4).

JYOTHI, D., VIJAY, P. J., KUMAR, M. K., LAKSHMI, R. V., POPELO, O., MARHASOVA, V.,
... & KUMAR, D. V. (2025). DESIGN OF AN IMPROVED METHOD FOR INTRUSION
DETECTION USING CNN, LSTM, AND BLOCK CHAIN. Journal of Theoretical and Applied
Information Technology, 102(1).

Saravanan, V., Sumalatha, A., Reddy, D. N., Ahamed, B. S., & Udayakumar, K. (2024,
October). Exploring Decentralized Identity Verification Systems Using Blockchain Technology:
Opportunities and Challenges. In 2024 5th IEEE Global Conference for Advancement in
Technology (GCAT) (pp. 1-6). IEEE.

GAVARRAJU, L. N. J.,, RAO, A. S,, ANUSHA, R., REDDY, D. N., ANANTULA, J., &
SURENDRA, D. (2024). INTEGRATING MULTIMODAL MEDICAL IMAGING DATA FOR
ENHANCED BONE CANCER DETECTION: A DEEP LEARNING-BASED FEATURE
FUSION APPROACH. Journal of Theoretical and Applied Information Technology, 102(18).
Nimma, D., Rao, P. L., Ramesh, J. V. N., Dahan, F., Reddy, D. N., Selvakumar, V., ... &
Jangir, P. (2025). Reinforcement Learning-Based Integrated Risk Aware Dynamic Treatment
Strategy for Consumer-Centric Next-Gen Healthcare. IEEE Transactions on Consumer
Electronics.

Arockiam, J. M., Panhalkar, A. R., Bhosale, R. S., Kavitha, S., Reddy, D. N., & Kodali, S.
(2025). Leveraging Gradient based Optimization based Unequal Clustering Algorithm for
Hotspot Problem in Wireless Sensor Networks. Indonesian Journal of Electrical Engineering
and Informatics (IJEEI), 13(1), 156-168.

Pathipati, H., Ramisetti, L. N. B., Reddy, D. N., Pesaru, S., Balakrishna, M., & Anitha, T.
(2025). Optimizing Cancer Detection: Swarm Algorithms Combined with Deep Learning in
Colon and Lung Cancer using Biomedical Images. Diyala Journal of Engineering Sciences,
91-102.

REDDY, D. N., KADARU, B. B., SREENIVASULU, A., KANCHANA, R., JANGIR, P., &
KUMAR, C. R. (2025). EFFICIENT OBJECT DETECTION IN AGRICULTURAL
ENVIRONMENTS IMPLEMENTING COLOR FEATURES EXTREME LEARNING
MACHINE. Journal of Theoretical and Applied Information Technology, 103(1).

Padmaja, G., Pesaru, S., Reddy, D. N., Kumari, D. A., & Maram, S. P. (2025). Robust Vehicle
Number Plate Text Recognition and Data Analysis Using Tesseract Ocr. In ITM Web of
Conferences (Vol. 74, p. 01009). EDP Sciences.

Reddy, K. V., Reddy, D. N., Balakrishna, M., Srividya, Y., & Pesaru, S. (2025). User Friendly
and Efficient Mini Wallet for Sending Ethers. In ITM Web of Conferences (Vol. 74, p. 02008).
EDP Sciences

Volume No.9, Issue No.1 (2025) 12



